[loKyMeHT NoAnucaH NpoCToil 3NeKTPOHHOM NOANMUCHI0
NHbopmaums o Bnagenbue:

®WO: KoctuHa Jlapuca HukonaesHa

[lomkHOCTb: 3amecTuTeNb AupekTopa

[ata nognucanus: 13.01.2026 13:40:41

YHUKanbHbI MPOrpaMMHbIA KIKOY:
848621b05e7a2¢59da67cc47a060a910fb948b62

Ipunoorcenue 4

K 00pa3oBaTesIbHON ITporpaMmme

OLHEHOYHBIE MATEPHUAJIbBI

JJISI TEKYIero KOHTPOJISl yCIIeBAeMOCTH U
MPOMEKYTOYHOM aTTeCTAUMN 00yYAKOIIUXCH
o AMCHUIIJIMHE

Bb1.B.26 CucreMbl HCKYCCTBEHHOI0 HHTEJIJICKTA
(I/IH,Z[GKC, HaAMMCHOBAHUC NUCIHHUIIJIMHBI B COOTBETCTBUHA C y‘IGGHbIM HJIaHOM)

38.03.04 'ocymapCTBEHHOE U MYHUIIAIIAJIBHOE VIIPABJIEHUE
(KOI[, HAaUMCHOBAHHC HaHpaBHeHI/I}I HO,Z[I‘OTOBKI/I/CHGI_II/Ia.HBHOCTI/I)

PerunonanrHo€ YIPAaBJICHUEC U MCCTHOC CaMOVYIIPABJIICHHUEC
(HanMeHOBaHUE 00pa30BaTENBHOM MPOrPaMMBbI)

bakanagp

(xBanuuUKaIms)

OuHnas dhopma 00yueHus
(dbopma oOyueHus)

I'on HaGopa — 2024

JloHeuk



ABTop(bI)-cocTaBuTenb(n) POC:

bpanyn Haranes BanepreBHa, kana. ¢us.-mar. Hayk, 3aB. kad Kadenpsl
MH(POPMAIIMOHHBIX TEXHOJIOTHI



PA3JIEJI 1.

ITACIHOPT ®OHJA OHEHOYHBIX CPEACTB

o IMCIOMIIJIMHE

«Cucremsbl HCKYCCTBCHHOI'0 MHTECLJICKTA)

1.1. OcHoBHBIE CBeJAeHHS O TUCIHHUILJINHE

Taomuna 1

XapakTepUCTUKA JUCIUIIIINHBI
(cBenmeHust cooTBeTCTBYIOT pazaeny PIIJT)

ObpazoBarenbHas MporpaMma

OakanaBpuaT

Hanpasnenue noarotoBku

38.03.04 I'ocyaapCTBEHHOE U MyHULIMIATBHOE

y4eOHOM TUCIUTLTMHBI

[Tpoduns yIpaBJicHHUE
«PernonanpHOE yIIpaBiICHUE W MECTHOC
CaMOYIIPaBJICHUE)
KonunuectBo paznenos 3

Yacts oOpa3zoBaTenbHON
MPOrpaMMBbI

Yactb, popMupyemas yuacTHUKaMU
00pa30BaTeNIbHbIX OTHOLIEHUN

DopMbI KOHTPOJIS

Pa3zHoypoBHEBBIE 3aaHNS,
nabopaTopHbIe paboOTHI,

YCTHBIﬁ OIIpOC, TCCTOBLBIC 3aIaHNA

llokazamenu

Ounas ¢popma 00yueHus

KonunuecTBO 3a4eTHBIX CANHUIT

ammecmayuu

(kxpeauToB) 2
Cemectp 6
Oouasn mpyooemkocma 79
(akaodem. uacoes)

Ayoumopuas konmakmuasn 38
paboma:

JIEKIIMOHHBIE 3aHITHS 18
[IpakTueckue 3aHATHS 18
JlabopaTopHbie paboThI -
Koncynpranumn 2
CamocrosiTesibHasi padoTa 32
Karmk 4
Dopma npomesrcymouHou S




1.2. IlepeyeHbr KOMIeTeHUMI € yKa3aHueM JTanoB (GopMHpPOBaHHMS B
npouecce 0CBOCHHs 00pa3oBaTeIbHON NPOrpaMMbl

Tabnua 2
[IepeyeHb KOMIIETEHIINI U UX JIEMEHTOB
Nuaukartop
Komnerenuus KOMIIETEHIIUH U €TO DICMCHTH! HH/MKATOPa Mrnexc
KOMIETEHIIUH AJEMEHTA
(bhopMyIMpOBKa
[1K-4 I1K-4.1 3Hamu:
CnocoO¢H BbISIBUTH | JIeKOMIIO3UPYET, |THIIBI 3a/1a4 MAIIMHHOTO
€CTECTBEHHOHAYY- dbopmanuzyer 00y4eHHs U PUMEHSIEMbIE méi'l
HYIO CYIIHOCTb MIPOLIECCHI U K HUM KJIaCChl aJITOPUTMOB
npooJeMm, OOBEKTHI 115 OCHOBHBIC HaAIIPpaBJICHU S
BO3HUKAIOIIUX B UCITOJI30BAHUS | pa3BUTHUS UCCJICIOBAHHM B K41
Xo0Jie MHTEJJIEKTYAIIbHBIX |00JIACTH CUCTEM 3.0
npodeccruoHanbHOM MPOTrPaMMHBIX UCKYCCTBCHHOTO
JEATEIIbBHOCTH B pelieHuit WHTEJJICKTA
o0nacTu TEOPETUYECKUE OCHOBBI K41
MOJICTUPOBAHUS U AJITOPUTMOB MAIlIMHHOTO 3.3
aHaJIN3a CJIIOXKHBIX 06yqu1/1;1
€CTCCTBCHHLBIX U Yuemos:
HCKYCCTBCHHBIX IHOATrOTOBUTH JaHHBIC K [1K-4.1
CUCTEM HCIOJIL30BAHUIO aJITOpUTMA v-1
MaITUHHOTO OOyYEHHUSI
OLIEHMBAT Ka4eCTBO K41
pelIeHU CUCTEM V.2
MaIIMHHOTO O0yUY€EHHUs
aJlan TUPOBATh AJITOPUTMBI
MaITUHHOTO OOYYEHHUSI K MK-4.1
PCIICHHUIO MPAKTHUECKUX y-3
3aga4
Bnaoemw:
METO0JIOTHEN pa3pabOTKU —T
pelieHuii MalMHHOTO B-1
o0y4eHust
puMepaMy MPaKTUYECKOTO
IIPUMCHCHHUS apXUTCKTYP I1K-4.1
MCKYCCTBEHHOTO B-2
WHTEJJICKTA
METOJaMHU OHJIalH § —
TECTUPOBAHUS PEIICHUI B-3

MAIIMHHOTO 00y4YeHUs




Tao0muna 3

Otanbl (opMUPOBAHUS KOMIETEHIIMH B TPOIECCE OCBOCHUS OCHOBHOM
00pa30BaTEeNbHON MPOTPAMMBI

/11

KonTponupyemsie
paznesbl (TeMBbI)
JTUCLUIUIHBI

Oranbl
dopmupoBanus
KOMITETCHINM

(HOMEp

ceMecTpa)

Koa unaukaropa
KOMIIETCHIIUHA

Haumenosaunue
OIIEHOYHOTO
cpeacTna

PaSI[CJI 1. BB@I[CHI/IC B HCKYCCTBGHHBIﬁ HHTCIIJICKT 1 OCHOBHBIC MCTO/bI
MAaIlITMHHOI'O O6Y‘I€HI/I$I JJIsL pa6OTLI ¢ TaOJIMIHBIMH JaHHBIMHA

Tema 1.1.

OcHoOBHBIE 337241
CUCTEM
HCKYCCTBEHHOTO
HHTEIJIEKTA.
Knaccudukanus,
KJIacTepu3alus,
perpeccust. Tumbl
MAIIMHHOTO O0YYEHUS:
C yuuTtenem, 0e3
YUUTENS, C YACTUYHBIM
IPUBJICUCHHUEM
yuutens, 00y4eHue ¢
MOJKPEIJICHUEM.
Kiaccudukanus Ha
npumMepe anroputma k-
O KalIIMX cocenei
(kKNN). Metpuku
OIICHKH
KJ1acCU(UKAIIUU:
MOJIHOTa, TOYHOCT,
F1, ROC, AUC.
Bamupanmnonnas u
TECTOBasi BHIOOPKA.
Kpocc-anmpanusi.
PaboTa c
KaTeropuajbHBIMU
MIPU3HAKaAMU.

6

[1K-4.1
3-1,2,3

[IK-4.1
v-1,2,3

[1K-4.1
B-1,2,3

Pa3HoypoBHEBBIE
3a/1aHus,

TECTOBBIE
3a1aHus,

nabopaTopHas
pabota Nel

Tema 1.2.
Perpeccus. MeTpuku
OLIEHKH PETPECCUH:
MSE, MAE, R2 —
K03 puIeHT

[IK-4.1
3-1,2,3

[1K-4.1
v-1,2,3

Pa3zHoypoBHEBEIE
3aaHus,

TECTOBBIE
3aJaHus,




JIETEPMUHALIUY.
JIunennas perpeccusl,
MOJIMHOMUAIbHAS
perpeccus.
[TepeoOyuenue u
peryisipuszanus,
rpeOHeBas perpeccus,
LASSO, Elastic Net.
JInnelHsle MOJEITN IS
KJIacCU(UKAIIUH.
[TepuenTpoH,
JIOTHCTHYECKAas
perpeccus,
MMOJTHOCBSI3HBIC
HEUPOHHBIE CETH,
CTOXaCTUYECKHUM
TPaAUEHTHBIN CIIyCK U
oOpatHoe
pacupoCTpaHEHHE
rpajuecHTa.
Perymsipuzanus
JIMHEHMHBIX MOJIeIeH
KJIaCCU(UKAITUHH.

[IK-4.1
B-1,2,3

nabopaTopHas
pabota Ne2

Tema 1.3.
Kiacrepusanus.
kmeans, k-means++,
DBSCAN,
arJioMepaTuBHas
KJIaCTepU3aLlUsl.
Metpuku OLIEHKH
KJIACTEpU3ALIHH.

I1K-4.1
3-1,2,3

[1K-4.1
v-1,2,3

[1K-4.1
B-1,2,3

Pa3zHoypoBHeBbIE
3a7aHus,
TECTOBbIE
3a1aHus,

nabopaTopHas
paboTta Ne3

Tewma 1.4.
AJITOPUTMBI,
OCHOBAHHBIE Ha
PUMEHEHUU
peIIAIMX JEPEBLEB.
Kpurepuu pazaenenus
y37a:
UH(OPMAIMOHHBIN
BBIUTPHILL, KPUTEPUU
Jlxunu. AHCAMOIH
pelaroInX JEPEBLEB:
CIIy4alHBIN JIEC,
rpaJli€HTHBIN

I1K-4.1
3-1,2,3

[1K-4.1
v-1,2,3

[1K-4.1
B-1,2,3

Pa3znoypoBHeBbIE
3aJjaHus,

TECTOBBIE
3a1aHus,

nabopaTopHas
pabota Ne4




OyCTHHT.

MeTon OnopHbIX
BeKTOpOB. [IpsimMas u
oOparHas 3ajaya.

Onpenenenue
OTIOPHBIX BEKTOPOB.
S nepHsbli TPIOK.
Paznen 2. Cuctemsl riry0okoro oOy4eHust
Tewmsr 2.1. 6 11IK-4.1 PasnoypoBHEBBIC
Hewponnsie cetu. 3123 3aJaHusl,
OyHKIMU OIIUOKH [IK-4.1
HEHPOHHBIX CCTCH U V-1,2,3 TECTOBEIC
oOydeHue ¢ 3a7aHus,
MTOMOIIIBIO 0OPATHOTO glig%
pacrnpocTpaHeHuUs - nabopaTopHas
rpaauenTa. [londarue pa6ora Ne5
03Tua U MOXMU.
Tema 2.2. 6 11K-4.1
PaGora ¢ 3123
U300PKEHUSIMU C KA1
[OMOILBIO } V123
HEUPOHHBIX CETEH.
CBepTouHbIE [K-4.1
HEHPOHHBIE CETH. B-1,2,3
Onepanun CBEPTOK,
max-pooling.
[TommynsipHbie
apXUTEKTYpPbI
CBEPTOYHBIX
HEUPOHHBIX CETEH:
AlexNet, VGG,
Inception
(GoogLeNet),
ResNet.
Tpanchepnoe
oOy4JeHwue.
Tewma 2.3. 6 11K-4.1 Pa3noypoBHEBBIC
O6pa60TI<a TEKCTOB. 3-123 3aJaHus,
Paobort
e?f:CTigHHBIM lK-4.1
V-1,2,3 TECTOBBIC

A3BIKOM C TOMOUIBIO

. . 3a1aHus,
HEHUPOHHBIX CETCH. I1K-4.1




BektopHbie B-1,2,3
IPENCTaBICHUS IS
Tekcra: word2vec,
skipgram, CBOW,
fasttext.
PexyppeHTtHbIE
HEHPOHHBIE CETH,
LSTM, GRU.
Tpanchopmepsi,
BERT, GPT.

nabopaTopHas
pabota Ne6

Pa3zpnen 3. OOyueHue ¢ NoAKpENICHUEM

8. | Tema 3.1. IlonsTs 6 MK-4.1
areHTa, Cpejibl, 3-1,2,3
a1
NEHUCTBUN 1 v-123
Harpajibl. OyHKIMS
LEHHOCTHU MK-4.1
cocrostaus (Value B-1,2,3
function) u
(GyHKUHS KauecTBa
nevicteusi(Qfuntion).
OnruMuzanus
CTpaTeruu ¢
TIOMOIIIBIO
MaKCUMU3alUN
(GyHKUMNA LIEHHOCTU
Y KauecTBa.
Q-o0yueHwue.

9. | Tema 3.2. 6 IK-4.1
['my6okoe 00yueHue 3-1.2,3
C MOJAKPEIUICHUEM. K-4.1
Deep Q-Networks, V123
Actor-critic.

[IK-4.1
B-1,2,3

PasnoypoBHEBEIE
3aJ1aHus,

nabopaTopHas
pabota Ne7

YCTHBIN OpOC

PA3JIEJI 2.

TEKYIIMI KOHTPOJb MO JUCIUTLINHE

«Cucremsnl HCKYCCTBCHHOI'0 MHTEC/IJICKTA)

Tekymmil KOHTPOJb 3HAHUM UCIOJB3YETCA JUId  ONEPaTUBHOTO U

peryJIIpHOTO  YIpaBJIeHHs  y4eOHOM  JesATEeNbHOCThIO (B
CaMOCTOSITENIbHOU paboToi) 00yUaroINXCS.

TOM qHCJIC




B ycinoBusix OaniabHO-pPEHTHHTOBOM CHCTEMBI KOHTPOJS  pe3yibTaThl
TEKYIIETr0 OILICHWBAHUA OOYYaIOLIErocs HCIONb3YIOTCS KaK I[IOKa3aTeidb €ro
TEKyIIEro peUTHHTa. TeKylHd KOHTPOJIb YCIIEBAEMOCTH OCYILIECTBISICTCS B
TEYEHHE CEeMECTpa, B XOJ€ MOBCEIHEBHOI yueOHOW paboThl MO WHIANBUAYAIbHON
WHHALMATUBE mpenojasartens. JlaHHBIM BHJA  KOHTPOJIA  CTUMYJIHMPYET Yy
00y4aroerocss CTpeMJICHHE K CHCTEMaTHYeCKOHW CaMOCTOSTENbHOM paboTe mo
W3YYEHHIO JUCUUILUIHBI.

Taomuma 2.1
Pacnpenenenne 6aisioB no BuAaM yaeOHOU JeSTEIbHOCTH
(OanmpHO-pEUTHHIOBAs CHCTEMA)

Bun 3amanus
HaunmenoBanue
Pasnena/Temst 1P 113 Bcero 3a K3P Cp
(P3) TeMy (T3,YO)| (YO)

P.1.T.1.1 7 9

P.1.T.1.2 8 9

P.1.T.1.3 8 > 9 > °

P.1.T.1.4 8 9

P2.T.2.1

P.2.T.2.2 8 5 1 5 5)

P2.T.2.3 8 10

P.3.T.3.1

P.3.T.3.2 8 > 13 > >
Hroro: 1006 55 15 70 15 15

I13 — npakTryeckoe 3aHATHE;

JIP — naGopaTopHbie pabOThHI

T3 — TecToBbBIC 3aaHUS;

YO — yCTHBIN 0onpoc;

P3 — pazHoypoBHEBBIE 3a/1aHUS;

K3P — kOHTpOJIb 3HAHUI 110 pa3aeny;

CP — camocTosTenbHas paboTa 00y4aromerocs.

2.1. PexomeHpaumM 10 OUECHUBAHUIO JIA0OPATOPHBIX  PpadoT
o0y4Jarmmxcs

MakcuMaJibHOE

Kpurepuu
KOJHUYeCTBO 0a/LJI0B¥ P P

OOyuaromuiics BBIMOJIHWI  33JaHUE  TOJHOCTBHIO
MPaBUJIbHO; JIOTUYHO, YETKO U SICHO W3JIaraeT OTBETHI
OtnnyHO Ha  IIOCTaBJEHHBIE  BOMNPOCHI;  OTBET  HOCHUT
CaMOCTOSI TEIIbHBIN Xapaxrep, oOyyJaronuiics
BBITIOJIHUJI JTA0OpATOPHBIE PaOOTHI B MOJHOM O0BEME.




[Ipu BBIMOSHEHWU 3aaHUS OOYYAIONTUICS JOMYCTHI
OTJIeJIbHbIE HETOYHOCTU (HECYIIECTBEHHbIE OIIMOKH);
OTBET OTJIMYACTCS MEHBIICH OOCTOSITEIBHOCTHIO,
riIyOrMHONW, 0OOCHOBAaHHOCTBHIO M TOJHOTOM; OJIHAKO
JOMYIIEHHBIE ~ OMMUOKH  HWCHPABISIIOTCS  CaMHUM
CTYIGHTOM TIOCJ€ JOTIOJHUTEIBHBIX  BOIPOCOB,
oOydJaromuiicss BBITIOJIHWII Ja0OpaTopHble pabOThI B
MOJTHOM 00BeMe.

Xopo1o

[Tpu BBITOJIHEHWU 3a7aHUS OOYYAIOUTUIICS JTOMYCTHI
HETOYHOCTH ¥  CYIIECTBEHHBIC  OMIMOKH, TIpH
apryMEHTAIlMl OTBETa CTYACHT HE MPUMEHSCT
Y 10BIETBOPUTENHHO TEOPETUYECKHUE 3HAHUS JIJIs1 OOBSICHEHUS JOMYIICHHBIX
OIMOOK, B IIEJIOM OTBET OTJIMYACTCS HU3KUM YPOBHEM
CaMOCTOATENLHOCTH,  OOYYarONIMiiCS  BBITOJTHUII
nabopaTopHbie pabOThHI B TOJIHOM 00BEME.

OOyuaronuiicss He BBINOJHWI 3a/laHUE; B OTBETE Ha
BOIIPOCHI CTYACHT JIOMYCKAET OMMUOKH B ONPEEICHUH
HeymnoBneTBOPUTENBPHO | OCHOBHBIX TOHSATHN; OCCHOPSIOYHO W HEYBEPEHHO
W3JIaraeT Marepuaj, OOYJalomUKCS HE BBITIOTHUI
nabopaTopHbie pabOTHI B TOJIHOM 00BEME.

* [Ipencrapieno B Tabmure 2.1.

THUIIOBBIE 3AJAHUSA JIAA IABOPATOPHBIX PABOT JJISA
IHNPOBEPKH YPOBHA KOMIIETEHIIUAN

Paznen 1. BBegeHue B HCKYCCTBEHHbII HHTEJJIEKT M OCHOBHbIE METO/AbI
MAIIMHHOT0 00y4eHusl it pa0oThl ¢ TAOJIUYHBIMU TAHHBIMHU

Jlabopamopnas paooma Nel

Meroabl pabotel ¢ Tabmuiamu B Python. Arperamms w Bu3yanmuzarus
naHHbIX. [IpoBeieHUE TEPBUYHOIO aHAIN3a JAHHBIX.

[enu: m3zydeHue meToa0B pabOThl ¢ maHHBIMU B Python u mpoBenenue
MEPBUYHOTO aHAJIW3A JIaHHBIX.

3aganue: 3arpysurte garaceT B pandas gatadpeiiMm. BriBenuTe OCHOBHBIC
napameTpbl jgatacera. Omnpenenurte, CKOJIbKO B JaTaceTe CIy4aeB OTCYTCTBUSA
npu3HakoB. OmpenenuTe, CKOJBKO TMPU3HAKOB SIBISIOTCS KaTETOPUAIBLHBIMHU.
Busyanusupylite pacnpenesicHue IPU3HAKOB 10 KjaccaM. Buszyanmsupyure
3aBUCUMOCTH MEXy IPU3HAKAMH.



Jlabopamopnas paooma Ne2

Hcnonb3oBaHne # CpaBHEHHE anropuTMoB Kiaccuduramuu: kNN,
pemaronme AepeBbesi U UX aHCaMOJIM, TIOTUCTUYECKAs] pErpecCHs.

[enu: mpyuMeHEHHUE U OLIEHKA aJITOPUTMOB KJIacCU(PHUKAIIUU.

3amanue: Pazgenure pataceT Ha OOy4aromuid W BaJWJAANMOHHBIN  C
coxpaHeHueM mnponopuuid kiaccoB. Kiaccuduumpyiite TOUKM M3 Jaracera c
nomompio anroput™MoB kNN, mormctuueckoir perpeccun, CART, cmydaitHOTO
neca, CatBoost. IlonOepute nyuinme mnapaMeTpbl ajirOpuTMOB C TOMOUIBIO
BaNUAAIMOHHON BBIOOpKHU. CpaBHUTE BpeMsi pabOThl aJITOPUTMOB U 3aBUCUMOCTD
OT NpeaoOpabOTKH TaHHBIX.

Jlabopamopnasa paboma Ne3

Hcnonb30BaHne M OLEHKA aJrOpuTMOB perpeccuu. [Tonbop onTumanbHbBIX
apamMeTPOB PErPECCHUMN.

Llenu: n3ydeHue alrOpuTMOB PETPECCUN.

3ananue: [IpuMeHnTE METON TMHENHOW PETPECCUU I PELICHUS 3a/1a4d Ha
natacere. JloOaBbTe B JaraceT MNOJMHOMHUANbHBbIE MNpu3HaKu. JloOassiiTe
OpU3HAKW IIOKAa HE YBHUJWUTE NEpeoOydeHHE Ha BaJUJAIIMOHHOM JlaTaceTe.
[Ipumenute rpebHeByro perpeccuto U LASSO, 4ToObl M30aBUTBCS  OT
nepeoOyydeHHUs.

Jlabopamopnas paooma Ned

OnTuMu3alMoHHble 3a7au U ux pemieHus. [logbop rumepmapaMerpos
QITOPUTMA C MTOMOILBIO METOJIOB ONTUMHU3ALIUN

[enu: u3ydyeHue aaropuTMOB PEIICHUS ONITUMU3AIIMOHHBIX 3a4a4.

3amaHue:

1. Ontumu3upyiite AJIMHY MapuIpyTa B 3aJadye KOMHUBOSDKEpPA C MOMOUIBIO
anmroputmoB  hill climb, omkura u reHetmueckoro anroputMa. BreiBenute
MOJTYYMBIIHICS TTyTh U €ro JIJIMHY.

2. ONTUMU3UPYITE TUTEpIIapaMeTphl AITOPUTMA MAITMHHOTO 00y4YeHus (Ha
BBHIOOp) C MOMOIIBIO CIy4ailHOTO TMOMCKA, MOMCKa MO pemieTke, anroputma hill
climb, reHeTH4eCKOro ajJropuTma.

Pazgea 2. Cucremsl 1i1y00KOro o0y4eHus

Jlabopamopuan paboma Ne5
Knaccudukanus nzo0paxenuit u TpanchepHoe oOyueHue.
Lenu: wu3ydyeHne MeTOAOB TiayOokoro oOydeHus i paboOTel  C
HU300paKEHUSIMHU.



3amanue: 3arpy3ure JaTaceT W CO3JaiTe UTepaTop U MOCIH TIyOOKOTO
oOyueHnus. 3arpy3ute npenodydyeHHyro Ha ImageNet cBeprounyro ceth (AlexNet,
VGG mmu ResNet) u no6aseTe k backbone momHOCBS3HBIN coi A 00y4YeHUS.
OOyunte HelipoHHYIO ceTh Ha ImageNet, Bu3yanm3upoBaB rpaduk QyHKIHH
nmoTepb Ha oOydwaromed ¢ BadWJAMOHHOW BBIOOpKe. Peamusyiite Momxynb
NPUMEHEHUs HEHPOHHOW CEeTH K JaHHBIM, MPOBEPhTE KA4YEeCTBO OOYy4YEHHUS Ha
TECTOBOM BBIOOPKE.

Jlabopamopnasa paboma Neb
Pabota ¢ TekcTamMu ¥ UX BEKTOPHBIMHU MPECTABICHUSMHU.
Lenu: nzyyeHue mojieseii BEKTOPHOTO MPECTABICHUS TEKCTOB.
3amanue: Ckauaiite mpenoOydeHHBIC BekTopa mis cioBaps. C MOMOIIBIO
naroboro kinaccupukaropa wMammHHOro o0Oyuenus (KNN, SVM, CatBoost)
KiaccuuupyiTe TEKCThl M3 JaraceTa IO CYMME BEKTOPOB  CJIOB.
Knaccudumupyiite Texkctsl ¢ momonisto LSTM cetu.

Pa3znes 3. O0y4eHne ¢ mogkpenjieHueM

Jlabopamopnas paooma Ne7
[Tpumenenne Q-Networks miis pemeHus MPOCTHIX OKPYKCHHIA.
[enu: n3ydyeHue nmpuMeHEHUs OOy4YEHUs C MOJAKPEIUVICHUEM IS PEIICHUI
3a/1a4 KOHTPOJISL.
3aganue: OOyuyuTe TMPOCTYIO TMOJHOCBSI3HYIO Q-ceTb Mg pEIICHHS
okpyxenus LunarLander.

2.2. PekoMeHAAUMH MO OLEHMBAHUIO KOHTPOJISI 3HAHMH MO pasjaery
AUCHUILIMHBI 00y4YAKOIUXCSA

2.2.1. Kontpons 3HaHui no paszaenaM |-2 OUCUUIUIMHBI MPOBOAUTCA B
dbopme TecTUpOBaHUS.

B 3aBepmieHuM HM3y4YeHHS KaXJIO0ro pasjaeia JUCIHUIUIMHBI  MOXKET
MPOBOAUTLCA TECTUPOBAHME (KOHTPOJb 3HAHUW 10 pasleny, pyOeKHBIM
KOHTPOJIb).

Kpumepuu oyenusanus. YpoBeHb BBITIOJHEHUS TEKYIIUX TECTOBBIX 3alaHUMN
OllEHMBacTCcsl B OamiaXx. MakKcHMMaldbHOE KOJIMYECTBO OaJUIOB II0 TECTOBBIM
3QTAaHUSIM OIIPEACIISACTCS MPEIoAaBaTeIsIiM U IIpeACcTaBieHo B Tabuie 2.1.

TecToBble 3a1aHus TIPEACTaBICHBI B BUJI€ OLIEHOYHBIX CPEJICTB U B MOJHOM
o0beMe TpeICTaBlIeHbl B OaHKE TECTOBBIX 3aJlaHUM B 2JIEKTPOHHOM Buje. B gonae
OIICHOYHBIX CPEJCTB MPEICTABICHBI TUIIOBBIC TECTOBBIC 3aJaHus, pa3paboTaHHBIC
JUISL U3YUYEHUs TUCITUTIIUHBI «CHCTEMBbI UCKYCCTBEHHOTO MHTEIIICKTAY.



THUIIOBBIE TECTOBBIE 3AJIAHUA JJIAA ITPOBEPKU YPOBHSA
COPOPMUPOBAHHOCTHU KOMIIETEHIINA

Pa3znen 1. BBegeHue B HCKYCCTBEHHbII MHTEJJIEKT M OCHOBHbIE METO/bI
MAIIMHHOTO 00y4YeHUs I pA00ThI ¢ TAOJMYHBIMU JAHHBIMHU

1. Kro B 50-¢ rompt XX Beka co031all MaTeMaTHYECKYIO MOJIEIb
(YHKIIMOHUPOBAHUS CETEH HEPB- HBIX KJIETOK KHBOTO OpraHu3Ma?
a) Anan TweropuHr
0) ®psuk Po3zeHtOnaTT
B) UBan IlaBnoB
r) bunn [eittc
2. Yactp METOJOB HWCKYCCTBEHHOTO  HWHTEJUICKTa, O3HAYaromias
U3BJICUCHUE 3HAHUM U3 JTAHHBIX:
a) Data Science
0) CraTtucTuka
B) Data Mining
r) Big data
3. Haxatumem Kakux KIaBHII MOXXHO 100aBUTH A4erku B Notebook
Jupyter (Bo3mosxHo 6oJiee 0JTHOTO MPaBUILHOTO OTBETA)?
a)M
0) A
B) Y
r)C
n) B
4,  SI3pIKM IPOrPaMMHUPOBAHWSI, KOTOPbIE OTHOCATCS K
00BEKTHOOPUEHTHPOBAHHOM Mapaaurme (Bo3moxkHo 0osee 0HOTO MPaBUILHOTO
OTBETA):
a) Python
0) Haskell
B) C#
r)C
5. Ko sBnsercs co3maresem s3pika Python?
a) I'Buno Ban Poccym
6) Mapk Llykep6epr
B) [lennuc Putumn
r) Tomac Kypu
6. UYwucro ¢ miaBaromiei Toukoi 0003HaAYAETCS:
a) list
0) bool



B) int
r) float
7. S=list('12345") C momompto ¢dynkiuu list() cozmaercs:
a) MHO>XeCTBO
6) Koprex
B) Criucok
r) CioBapb
8. Kakum OyzaeTt pe3yibTar:
In [1]: |a={1, 2, 3}
a.intersection_update({1, 5})
print(a)
a) {1}
0) (2, 3,5}
B) (1,2, 3,5}
r)(1,1,2,3,5}
9. ®ynknus tuple() npuMeHseTCs A
a) OUHCTKH KOpTEkKa
0) OuncTKa CrucKa
B) Co31anHusl mycTOro KOpTexka
r) JloGaBiieHust s35ieMeHTa B KOHEIl CITMCKa
10. Kakoe HazHaueHune QyHKIMN cCOOpaHHBIX B MoayIe random?
a) O0paboTKa CTAaTUCTUYECKUX JTAHHBIX
0) MareMaTtuyeckue pacyeTsbl
B) PaboTa ¢ 6a3aMu TaHHBIX
r) ['enepanus cirydaifHbIX Yncen
11. Kako#t maccwB ObUI Cr€HEPUPOBAH MPH BBIMOJHEHUH WHCTPYKIIMH
data=np.linspace(10, 18, 5)?
a) [10., 12, 14., 16., 18.]
0) [10., 15.]
B) [10., 18., 5]
r) [10, 15]
12. bein co3maH AByMepHBIH MaccuB mas. Kakod pesymbrar OyaeT
BBIBEJICH B KOHCOJIb IPU BbI- MOJTHEHUU MHCTPYKIMHK print(mas[3, 3]):

mas=np.array([[-8, 3, 10],
[10, 2, @],
[7, 17, 4]])

print(mas[3, 3])

a) 4

6)-8

B) 0

r) byner BoiBenena ommodka



13. bwin co3man aByMmepHbli MaccuB mas. Kakol pesynbrar OyaeT
BBIBEJICH B KOHCOJIb IIPU BbI IOJIHEHUU MHCTPYKLMH print(mas[3, 3]):

mas=np.array([[-8,
10,
7, A
)

—ir—

print(mas[3, 3

a) -8

0) Byner BriBeieHa OMIMOKa

B) 0

r)4

14. IllaxMaTHBIH CYIIEPKOMITBIOTEDP, KOTOPBIM BBIMTPA MaTd y YeMITHOHA
mupa no maxmaram ['appu Kacnaposa:

a) AlphaGo

0) dyraky

B) Deep Blue

r) JlomoHOCOB-2

15. C momormipi0 Kakoro CHMBOJIA MOYKHO CO37aTh 3aroJIOBOK Ha SI3BIKE
pa3merku Markdown?

a)*

0) #

B) %

r &

16. Kaxkue Tern UCIonb3yIOTCS IS CO3/IaHUs JKUPHOTO MprudTa Ha S3BIKE
pasmetrkn HTML?

a) <I>...</I>

0) <P>...</P>

B) <SUB>...</SUB>

r) <B>...</B>

17. Kakoii cMMBOJ HCHOJB3yeTcs g Habopa (GOpMyJabl ¢ ITOMOIIBIO
LaTeX B Notebook Jupyter?

a)$

0) %

B) //

r) &

18. Kaxkue BapuaHThl IMEH MEPEMEHHBIX 10mycTUMbI B Python?
a) x1

0) k&

B) main

r) 1x

1) new_TepeMeHHast



19. C nomompto KakoW ornepanuu HaJ ABYMs LEIbIMH YHCIAMU MOKHO
MOJIYYUTh OCTATOK
a) %
0)/
B) //
r) *
20. IlycTe mepeMeHHOW a MPHUCBOEHO 3HaueHue 5, T. €. a = 5. Kakwue
oriepaluu BO3MOXKHbBI?
a) at+=1
0) a/*=3
B) a=a+1l
r) all=2
21. Jns gero mpuMensieTcst GyHKIHs inpoot()?
a) Jlna onpeieneHus TUIa TaHHbIX
0) Jlns1 Bo3BeieHUsI Ynclia B CTEIICHb
B) /1711 BRIBO/IA TAHHBIX B KOHCOJIb
r) [l1st BBO/Ia TAaHHBIX C KJIABUATYPHI
22. Kakue omepaTopbl HUCIOJB3YIOTCS I PEAM3alUU  ITUKIUYECKUX
aNrOpUTMOB?
a) for
0) while
B) elif
r) switch
23. C=(1,2,3,4,5). Bo3M0oXHO 711 B JAHHOM KOPTEXKE 3aMECHUTH 5 Ha 67
a) Her
0) Ja

Pazgea 2. Cucremsl ri1y00KOro o0y4eHus

1. B mMammHHOM O00y4eHHH JaHHBIC JACIIATCS Ha:

a) O0yuaronyro u o0y4aeMyro BBIOOPKY

0) bonpinyto u manyio

B) OCHOBHYIO U HEOCHOBHYIO

r) OOy4aroIyo 1 TECTOBYIO BHIOOPKY

2. Kak wnaspiBaeTcs Meroa moiydeHuss KOI(P(OUIIMEHTOB ypaBHEHUS
perpeccuu, Ipxu KOTOPOM MHHUMHU3HPYIOTCS KBaAPAThI OIMTHOOK?

a) MeToa MaKCHMaJTbHOTO TIPaBAOIIOA00MS

0) Metox MUHUMH3AIIUN CPETHEH KBAIPATHUECKOU OITMOKHN

B) MeToa MUHUMU3AIMU MOAYJIEH OITHOOK

r) Metoa HauMEHBITINX KBAJPaTOB



3. B HelpoHHOW ceTU BBIYUCIUTENbHAS €AMHHIA, KOTOpas MOJTy4yaeT
uH(popMaIuIo, MPOU3BOAUT HaJ HEW MNPOCThIE BBIYMCICHUS W TEpPEAacT ee
TANTBIIIE:

a) 'pagueHt

0) Helipon

B) AKCOH

r) Cunarc

4. Kakoil  anropuTM = HCHOJB3yeTCI B METOAE  OOpaTHOro
pacrpocTpaHeHus OMMOOK JUIsl TOMCKa MUHUMYyMa?

a) Meroz nuxotoMuu

0) Anroputm JleiikcTphl

B) MeTo/1 HAMMEHBIIIMX KBAJIpaTOB

r) 'panueHTHBIN ciyCcK

5. Kak Ha3pIBaeTcs o7HA UTEpaIs B MPOIecce 00yUSHUS, BKITFOYAIOIIas
MPEABIBICHUE BCEX TPUMEPOB U3 00YUAIOIIETO MHOXKECTBA?

a) Dnoxa

0) Ilaker

B) Cet

r) Munumnaker

6. UroObl MOIKIIOYUTH OHOIMOTEKY HEOOXOIWMO HCIOJIb30BATh
KITFOUEBOE CJIOBO:

a) import

0) is

B) from

r) install

7. ns co3manusi PyHKIIMU UCTIONIB3YETCS KITFOYEBOE CIIOBO

a) func

0) lambda

B) class

r) def

8. Kakoii MeTo UCTIONB3YETCS IPU CO3aHHUH CIIOBapSs?

a) dict()

0) tupe()

B) list()

r) set()

9. Kakyro onepatiito MOKHO BBITIOJIHUTH C TIOMOIIBbIO MeTo/1a union()?

a) CuMmeTpu4Hasi pa3HOCTh

0) O0benuHeHNE

B) [lepeceuenue

r) JononHenue



10. Kaks dyHKus u3 OMOJIMOTEKH NUMpPy CIYXKUT AJIs YMHOXKECHHS JIBYX
Matpuir?

a) det()

0) dot()

B) len()

r) mult()

11. Kakoil Tun naHHBIX B OuONMOTEeKe pandas mpeacTaBisieT coOoi
MPOUH/IEKCUPOBAHHBI MHOT'O MEPHBI MacCUB?

a) DataFrame

0) list

B) Series

r) Array

12. Kakue Qynkmmuu u3 6ubnauorexku matplotlib ciyxar mist moctpoeHus
rpaduka

a) figure()

0) hist()

B) plot()

r) func()

13. Jlns gero coyxut Qyukmus head n3 6ubnmorexu pandas?

a) JIns mojcyeTa yucia cTojI00B U CTPOK TaOIUIIBI

0) Jlnst BbIBOJIA JTFOOBIX MATH CTPOK TAOIHIIBI

B) JIJ1s BBIBOJIA TIOCTICHUX IISITH CTPOK TAOJIAIIBI

r) 17151 BBIBOJI IEPBBIX MATU CTPOK TAOIHUIIBI

14. C nomoupto kakod (yHkuu u3 Oubnrorekun matplotlib MoxHO
COXpaHUTh PUCYHOK C Tpadu kom?

a) save()

6) fig)

B) show()

r) savefig()

15. B kakom [uama3oHe 3HAYE€HUM U3MeHsAeTcs  KOd(hPUImeHT
JieTepMUHAIUN?

a) [-1; 1]

0) [0, 1]

B) [0, +o0]

r) [o0; +o0]

16. Kakue mokaszaTenu MCHOJB3YIOTCS ISl OLIEHKH KauyecTBa JIMHEHHOU
Monaenn?

a) Koadduutient nerepmunaiium

0) Koaddumuent aucroit perpeccun

B) Root Mean Squared Error



r) Mean Absolute Error

17. Kakue 3Ha4eHUS MOXKET IPUHUMATH KOO PUITMEHT Koppensiuu?

a) 1,2

0) 0,9

B) 0

18. bubnuoTteka, KOTOpas MpeaHa3HaueHa JJsl MAIIMHHOTO O0YYEeHHUS:

a) random

0) sklearn

B) pandas

r') numpy

19. C nmnomomipl0 KakuWx TOKa3aTesled MOKHO BBISIBUTH HaJIHune
B3aMMOCBSI3H MEXK/y IByMs CITydail HBIMU BETUYHMHAMU?

a) ucnepcus

0) Koadpuument xoppensiuun

B) KoBapuanus

r) CpenHee KBaApaTUIECKOE OTKIOHEHHUE

20. BwiOepute BepHble yTBepxkaeHuss (Bo3moxkno OGosiee ojHOTO
IPABUJIBHOTO OTBETA):

a) Ilepuentpon Po3enbsarra — 370 npuMep HEHPOHHOM CETH C YUUTEIEM

0) HelipoHHble c€TH MOXKHO IPUMEHSATH TOJILKO JJISl PELLIEHUs 3a1a4
IPOTHO3UPOBAHMUSL.

B) HelipoHsl coeauHSIOTCS CUHANCaMU TOJIBKO C TEMU HEWpPOHAMH,

KOTOpBIE€ HAXOASATCS B OJHOM CJI0€

r) Bec cunanca — 310 uncio B quanasone [—1; +1]

21. Kakwue Turbl HEMpOHOB MOTYT OBITh B Tieprientpone Pozenbnarra?

a) HopmupoBanHbie

0) OTKpbITHIE

B) BxoaHbie

r) CKpBITBIE

22. Kakue QyHKIMH U3 IEPEUUCICHHBIX HUKE MPUMEHSIIOTCS B Ka4eCTBE
GyHKIMNA aKTUBAIMK B HEHPOHHBIX CETsIX?

a) Curmouia

0) Curaym

B) Jlorapudmudeckas GyHKius

r) DKCIIOHEHTA

1) [TonrHOM BTOpOM CTETIEHU

23. Kakas Oubnuoreka wucnonb3dyercs s pabOThl C HEHPOHHBIMU
ceramu’?

a) keras

0) numpy



B) matplotlib

r) seaborn

24. Kakoil mokaszaTeslb UCHOJB3YETCs JIJIsl OLEHKHA KauyecTBa HEMPOHHOMN
CEeTH B 3ajJiaye KiaccupuKaim?

a) Root Mean Squared Error

0) Koappuruent nerepmunanym

B) accuracy

r) Mean Squared Error

2.2.2. KonTponb 3HaHU# 10 pazfeny 3 IUCHUIUITMHBI IPOBOAUTCS B hopMe
YCTHOTO OITpoca.

Kpurtepumn onieHkwu.

Ouyenka «OomauuHo» CTaBUTCS, €CIIU 00yUYarOITUNCS:

1) mMOJIHO M aprYMEHTHPOBAHO OTBEYACT IO COACPIKAHUIO BOIIPOCA;

2) oOHapyXHBaeT MOHMMAaHUE MaTepHayia, MOXXET OOOCHOBaTh CBOH
CYXKIEHUS, TPUMEHUTh 3HAHUS Ha MTPAKTHUKE, PUBECTH HEOOXOIUMBIC IPUMEPHI;

3) wu3naraeT MaTepUall MOCICIOBATEIBHO U TPABUIBHO, C COOJIIOICHHEM
HUCTOPUYECKON U XPOHOJOTHUUECKOHN MOCIEI0BaTEILHOCTH.

Ouyenka «xopouwioy — CTaBUTCS, €CIM OOYYArONIUICS JaeT OTBET,
YIOBJIETBOPSIIONIMN TEM >K€ TPEOOBAHUSAM, YTO U JUISl OIEHKU «OTIUYHOY», HO
JIOMyCKaeT OJIHY-/IBE OIIMOKHU, KOTOPHIE CaM K€ HUCIIPABJISET.

Ouyenka «y0oeiemeopumenbHo» — CTaBUTCSA, €CIM OO0yYaroIuics
OoOHapyXUBaeT 3HAHUE W NMOHUMAaHWE OCHOBHBIX IMOJOKEHUN TAHHOTO 3aJlaHMsl,
HO:

1) wu3maraer Marepual HEMOJHO W  JONYCKaeT HETOYHOCTH B
onpeieSICHUH MOHITUN Uiu (GOPMYJIMPOBKE MTPABUIL

2) He yMeeT AOCTAaTOYHO MIYyOOKO M JI0Ka3aTelbHO O00OCHOBaTh CBOU
CY>KJIEHUS U TIPUBECTU CBOU TIPUMEDHI;

3) wu3maraetT MaTepuas HEMOC/IEeI0BATSIbHO U JOITYCKAET OTHOKH.

THUITOBBIE BOITPOCHI JJIs1 IPOBEPKH YPOBHSA
COOPMUPOBAHHOCTHU KOMIIETEHIINUN

Koumponupyemuwie pazoenvt | Bonpocwl 0712 no02omosKku K uHOUBUOYATIbHOMY
(memwt) oucuyuniunvl YCHIHOMY ORPOCY RO MemMam OUCUUNTUHDBL

Paznen 3. O0ydeHue ¢ moAKperiCHuEM

Tema 3.1. IlonsTua arenra, 1. Tlonsatus: areHt, cpeaa, COCTOSIHHUE, ACHCTBHE,
Cpellbl, COCTOSIHUSA, IEUCTBUN U Harpaja.

Harpajpl. OyHKIHs HCHHOCTH | 2 dyHKIMs [IEHHOCTH COCTOSHUS.
coctosiHus (Value function) u




(Qfuntion).

OnTuMu3zanus CTpaTeruu ¢

(byHKIUS KayecTBa JEHCTBUS 3. OYHKIMS KaueCcTBa JCHCTBUSL.

4. OnTuMu3anms CTPaTEruy ¢ MOMOIIBIO
MaKCUMU3alKUU (QyHKIUN [IEHHOCTH U KauecTBa.

['my6okoe obyueHue ¢
noakperienuem. Deep Q-
Networks,

Actor-critic.

MIOMOIIHI0 MAaKCUMU3AITUN 5. Q-06yueHue
(GYHKIUI [IECHHOCTH U KauecTBa.

Q-o0yueHue.

Tema 3.2. 1. 'my6okoe oOy4eHue ¢ MOAKPEIIICHUEM.

2. Cetb Deep Q-Networks.
3. ACUHXpOHHBIH anroput™ Actor-Critic.

THUITIOBBIE BOITPOCHI JIUIAA CAMOITIOATI'OTOBKHA
JJISA ITPOBEPKH YPOBHSA COOPMUPOBAHHOCTHU KOMIIETEHIIUHN

Koumponupyemvie
pazoenvt (memut)
OUCUUNIUHBL

Bonpocwt 015 noozomoeku K uHOUEUOYATbHOMY
YCHIHOMY ORPOCY RO MeMAM OUCUUNTUHDL

Paznen 1. BBenneHue B MICKYCCTBEHHBINM MHTEIUIEKT U OCHOBHBIE METO/IbI
MAIIMHHOTO O0YyYEeHUs JIJIsi padOThl C TAOTMYHBIMU JTAHHBIMHU

Tema 1.1.

OcHOBHBIE 337]a41 CUCTEM
HMCKYCCTBEHHOTO
HWHTEJUICKTA.
Knaccudukanus,
KJIaCTepHU3aIlns,
perpeccust. Turbl
MaITMHHOTO O0yYEeHUS: C
yuuTeseM, 0e3 yuuTess, ¢
YaCTUYHBIM
MIPUBJICYCHUEM YIUTEIS,
oOyueHue ¢
MOJIKPETIIICHUEM.
Knaccudukanus Ha
puMepe aropuTMa
kOnmxaimmx cocenen
(kNN). MeTpuku OlieHKH
KJIaccu(hUKaIMu: MOJTHOTA,
touHocTth, F1, ROC, AUC.
Bamupanmonnas u
TeCTOBasi BEIOOpKA.

1. OcHoBHBIE 3aJlaydl CHCTEM HCKYCCTBEHHOTO
MHTEJJIEKTA.

2. Kunaccuduxkanus, kractepuszanusi, perpeccus.
Tumnel MamMHHOTO OOYy4YeHMs: C y4uTeneM, 0e3
YUUTENSA, C YaCTUYHBIM TPUBJICYCHHEM YUYUTEIS,
0Oy4eHHE C MOAKPETUICHUEM.

3. Knaccudukanms wHa mnpumepe anroputma k-
ommkaitmux coceneit (KNN).

4. Perpeccusa. Merpuku onienku perpeccun: MSE,
MAE, R? — k03 bUILHEHT IeTepMUHALHH.

5. Jluneitnas perpeccusi, MOJIMHOMUAJTbHAS
perpeccusl.

6. IlepeoOyuenume wu perymsipuszaiusi, TpeOHEBas
perpeccust, LASSO, Elastic Net.

7. Jlunevinpie wMoaenu A KjIaccUUKaIMM.
[TeprienTpoH, JIOTUCTUYECKAs perpeccus,
MOJTHOCBSI3HBIE HEWPOHHBIE CETH, CTOXAaCTHYECKHUMN
TPaJIMEHTHBIN CIIyCK M OOpaTHOE paclpoCTpaHEHHe
rpaaveHTa. 8. Perynsipuzanusi TUHEUHBIX MOJEEH
KJ1acCu(DUKAIUUN.




Kpocc-Banumanusa. Pabora
C KaTeropHaJIbHBIMU
PU3HAKAMU.

Tema 1.2.

Perpeccusi. Metpuku
onieHKH perpeccun: MSE,
MAE, R°ko3¢dumenT
nerepMmuHanuu. JInneinas
perpeccus,
NOJIMHOMHAJIbHAS
perpeccus. [lepeoOyuenue
U peryispuzanus,
rpeOHeBas perpeccus,
LASSO, Elastic Net.
JIuHenHbIe MOIENH IS
KJ1accu(uKanuu.
[lepuenTpom,
JIOTUCTUYECKAs perpeccus,
MOJTHOCBSI3HBIE HEMPOHHBIE
CETH, CTOXaCTUUYCCKUM
IPaIMEHTHBIN CIIyCK U
obpartHoe
pacnpoCTpaHEHUE
rpaaueHTa. Perynsapuzanus
JIMHEWHBIX MOJIEJIEN
KJIacCU(UKAIIUUH.

Tema 1.3.
Kiactepu3zanums. k-means,
k-means++, DBSCAN,
arJjomMepaTvBHas
KJacrtepusauus. Merpuku
OLICHKH KJIaCTEepU3aLINH.

Tema 1.4.

AJITOPUTMBI, OCHOBAHHBIE
Ha MPUMEHECHUU
pelaoINX JEPEBLEB.
Kpurepun pasnenenns
y37a: nH()OpPMAITMOHHBIN
BBIUTPBIL, KPUTEPUI
Jlxuau. AucamOau
pelIAIINX JEPEBLEB:

9. Knacrepusanus. k-means, k-means++,
DBSCAN, arnomepaTuBHas KJlacTepU3aLUs.

10. MeTpuKH OIIEHKH KJIacTepU3aIiu.

11. AaropuT™mbl, OCHOBaHHbIE HA TPUMEHEHUU
penaronmx 1epeBhEB.

12. Kputepuu pasneneHus y3ia: HHPOPMAIIMOHHBIHI
BBIMTPBILI, KpuTepud [[)KnHu.

13. AHcamM0M pelIarouX IePEeBbEB: CIyYailHbII
Jec, TpaJueHTHbIN OyCTHHT.

14. Meton onopHbIX BekTopoB. [Ipsimast 1 obpatHas
3ajayva.

15. Onpenenenre OoNOPHBIX BEKTOPOB. S 1epHBIN
TPIOK.




CIIlyYalHBbIH JIEC,
IPaluEeHTHBIN OYCTHUHT.
Metoa OnOpHBIX BEKTOPOB.
[Ipsimas u oOpaTHas
3ajada. OnpeneneHue
OTIOPHBIX BEKTOPOB.
SInepHslil TPIOK.

Pazpnen 2. CucteMsl riry00okoro o0y4deHust

Temsr 2.1.

HelipoHHsle cetn.
DOYHKIMH OMTHOKH
HEUPOHHBIX CETEU U
o0y4eHHre ¢ MOMOIIbIO
oOpaTHOrO
pacrpocTpaHeHus
rpanuenTa. [lonsitue 6314ya
U DIIOXH.

Tema 2.2. Pabora c
U300PKEHUSIMU C
MOMOIIbIO HEUPOHHBIX
cerer. CBepTOUHBIE
HEUPOHHBIE CETH.
Omneparuu CBEpPTOK, max-
pooling.

[TonynsipHbIE ApXUTEKTYPhI
CBEPTOUYHBIX HEHPOHHBIX
cereii: AlexNet, VGG,
Inception

(GoogLeNet), ResNet.
Tpancdepnoe odbydyeHue.

Tema 2.3. O6paboTka
TekcToB. PaboTa ¢
€CTECTBEHHBIM

S3BIKOM C TIOMOIIIBIO
HEUPOHHBIX CETEH.
BekropHbie
MpeCTaBICHUS IS
TexcTa: word2vec,
skipgram, CBOW, fasttext.
PexyppeHTHbIE HEHPOHHBIE
cetu, LSTM, GRU.
Tpancdopmepsi,

1. Heiiponnslie cetu. @yHKIIMU OMIMOKH
HEUPOHHBIX CETEM.

2. Oby4eHue ¢ MOMOIIbI0 0OPaTHOTO
pacnpocTpaHEHUS TPAIUCHTA.

3. [lonsatue 63TYa U SMOXHU.

4. Pabota ¢ n300paKeHUSAMH C IOMOIIbIO
HEUPOHHBIX CETEM.

5. CBepTOUYHBIE HEUPOHHBIE CETH.

6. Onepanuu cBepToK, max-pooling.

7. ITonynsapHbIE apXUTEKTYPBl CBEPTOUHBIX
HeliponHbix ceteit: AlexNet, VGG, Inception
(GoogLeNet), ResNet.

8. TpancdepHoe oOyueHue.

9. O6paboTka TekcToB. PaboTa ¢ ecTrecTBEeHHBIM
A3BIKOM C TTOMOIIbK0 HEUPOHHBIX CETEH.

10. BexkrTopHble IpeacTaBICHUS IS TEKCTA:
word2vec, skipgram, CBOW, fasttext.
Pexyppentnsie Heiiponnble cetn, LSTM, GRU.

11. Tpancdopmepsr, BERT, GPT.




BERT, GPT.

Paznen 3. OOydenue ¢ mogkperieHueM

Tema 3.1. [lonsTus
areHTa, Cpe/ibl, COCTOSIHUA,
JICICTBUNA U HArpaJibl.
OyHKIMS IIEHHOCTH
coctostHus (Value
function) u ¢pyHKIUSA
KadecTBa JCHCTBUS
(Qfuntion).
OnTumu3anus cTpaTeruu
C TIOMOIIIBIO
MaKCUMH3aK (QyHKITHI
IIEHHOCTH U KayecTBa.
QoOyueHnue.

Tema 3.2.

['my6okoe obydeHue ¢
nojkperieHuem. Deep Q-
Networks, Actor-critic.

1. MapkoBckue ciiy4yaitHbIe POIIECCHI.
2. Ilertu Mapxkoga.

3. YpaBuenue benmnmana.

4. AnropuTMBbI I1yOOKOro 0Oy4YeHUs ¢
MOIKPETUICHUEM.

5. Q — anropuT™Mbl 00y4YEHUS.

2.3. PexomeHgauMd 10 OLECHMBAHHMIO Pa3HOYPOBHEBBIX 3aJaHMU
o0yJarmmnxcs
MaxkcuMaiibHOE
% Kpurepuu
KOJIMY€eCTBO 0a/1710B
BricTaBnsiercs o0ydaromeMycsi: €Clid BBIIIOJHEHbI BCE
0 o MYHKTHI pabOThl CaMOCTOSITENIBHO, 0€3 OmMOO0K, eclin
TIAYH .
MPEeIoKEH 00JIee PallMOHAIBHBIN aJTOPUTM PELICHUS
3aJlauH.
BricTapisiercs oOy4daromemMycs: eclid CaMOCTOSTENbHO
X BBIMIOJITHEHBl  BCE MYHKTHl  pabOThI, JOMYIIEHBI
OpO11I0
P HE3HAYUTEIbHBIE OIIMOKH, €CIU MPEeIJIoKeH Ooiee
paloHaIbHBIN AJITOPUTM PELICHUS 3a/1auH.
BricTapisierca oOydaroniemMycsi: €l caMOCTOATENbHO
VY 10BIETBOPUTENBHO (WM ¢ TIOMOIIBIO TPETOJABATENsI) BBITIOJHEHBI BCE
MYHKTBI paOOThI, TOMYIIEHBI TPyOble OMIMOKH.
BricTaBnsiercs oOydwaromeMycsi: €clid C  MOMOIIBIO
HeynosnerBoputensHo | mpenogaBaTesisi BBIMOJIHEHbI HE BCE MYyHKTHI paboTHl,
JOMYLIEHBI TPyObIe OLUTUOKU.

* [Ipencrapieno B Tabmaure 2.1.




3AJAHMSA JJIA ITPOBEPKHX YPOBHA COOPMUPOBAHHOCTHU
KOMIIETEHIIMHN

Paznen 1. BBegeHue B HCKYCCTBEHHbII MHTEJJIEKT M OCHOBHbIE METObI
MAIIMHHOTO 00y4YeHusl I Pa00Thl ¢ TAOJIMYHBIMU JAHHBIMU

Bapuant 1. B Tabnurie nmpuBeaeHs! JaHHBIE 0 KBapTHpax 1Mo Bonrorpaackoi
o0nactu

Llena, ThIC. PYO. Ilnowans, M° | JKutast mwiomans, M-
2300 442 27,2
2700 61 33
2900 S7 24
4350 68 39,2
2190 52 34
2150 36 18
1980 47 31,7

Ha ocHOBe pmaHHOI TaOJIUIIBI

Co3JaTb CJI0OBapb,

KOTOPBIM  3aTeM

npeoOpazoBatk B DataFrame. HaiiTu mMakcumalibHbIe 3HAYEHUSI MO KaXKIOMY

MOKAa3aTelll0, CPpeAHee U MEIUAHHOE 3HaueHHe Iomaad. OnpeneauTh Yucio
2

KBapTHUP, Y KOTOPHIX IUIONIa/1b OoJibiie 50 M”.

[TocTpouth rpauk 3aBUCUMOCTH CTOMMOCTH KBAapTUPBI OT IUIOMIAIA
KBapTHUPBL.

Bapuantr 2. B Tabnuue npuBeIeHb JaHHbIE O KBapTUpax IO

Bonrorpanckoii o6mactu

Ilena, ToIC. PYO. IImomane, M’ Kunas miomanm, M
2300 44,2 27,2
2700 61 33
2900 57 24
4350 68 39,2
2190 52 34
2150 36 18
1980 a7 31,7

Ha ocHOoBe maHHOW TaOIHIIBI

CO3/1aTh  CIIOBaphb,

KOTOPBIA  3aTEM

npeodpazoBath B DataFrame. HaliTu MuHUManbHBIE 3HAUEHUS IO KaXIOMY

MOKA3aTeNio, CpeHee W MEIMAaHHOE 3HadyeHue Iuiomand. OnpenenuTs YUciIo
2

KBapTHUP, Y KOTOPBIX Kujas Miomaabs Mmenbiine 40 m°.



[TocTpouth rpaduk 3aBUCUMOCTH CTOMMOCTH KBApTUPBI OT IUIOIIAIU
KBapTHUPHI.

Bapuant 3. B Tabmuie mnpuBeneHb JaHHBIE O KBapTHpax II0
Bonrorpasnckoii obmactu

Ilena, Toic. py6. | Ilnomans, M° | Kumast miomans, M°
2300 442 21,2
2700 61 33
2900 of 24
4350 68 39,2
2190 52 34
2150 36 18
1980 47 31,7

Ha ocHoBe pmaHHOW TaOauubpl co3AaTh CJOBapb, KOTOPBIA 3aTeM
npeodpaszosath B DataFrame.

HailTu MuHHManbpHBIC 3HAYEHUS MO KAKIOMY MOKA3aTENI0, CPEIHEE U
MEJIMaHHOE 3HAYEHUS KWION mtormaan. OnpeaeuTh YUCIO KBAPTUP, Y KOTOPBIX
IIEHA HE MPEBBIMIACT 2 MJIH. PYO.

[Toctpouth rpaduk 3aBUCUMOCTH CTOMMOCTH KBapTHUPbl OT JKHJIOU
TJIOIAI KBAPTUPHI.

Paszpnesa 2. Cucremsl riiy0oKoro o0y4eHust

3amanue 1. [lopcuuraiite pe3ynbTaT HEWPOHHOW CETH, U300paKEHHOW Ha
PUCYHKE, UCTIOJIb3Ys (DYHKITUIO CUTMOMU/I, U €€ OIIMOKY, ucroyib3yst MSE.
. 2 . 2 . 2
(ll - al) + (lz - az) +t (ln - an)
n

MSE =

1
fsigmoid (x) = m'f\sigmoid (x) = fsigmoid (x)-(1- fsigmoid (%))

I[aHHBIe: I]_:l, |2=0, W1=0,45, W2:O,78 ,W3:'0,12 ,W4:0,13 ,W5:1,5 ,W6:'2,3.
Pemnth mocraBieHHYIO 3a7ady MO CIEAYIONIMM HadaJbHBIM JaHHbIM: [1;=1,
1,=0, w; = W; XN, rae N — HOMEp MO CIUCKY B KypHaJe.



Paznen 3. O0y4eHue ¢ nogKpenieHueM

3amanue 1. Mcnonp3ys anroputm Q-oOydeHus pa3paboTarh ONTHUMAIBHYIO
MOJINTUKY (CTPATErwi0 BHIOOpA JEUCTBHS) JJII MAaKCHMH3AlUA BO3HATPAKICHUS B
cpene Frozen Lake.

BOITPOCHI K 3AUYETY 110 PA3JIEJIAM (TEMAM) INCHUIIJIMHbI

W cKkyccTBEHHBIN MHTEIIEKT: TIOHSTHE, BUJIbI, HCTOPUS PA3BUTHA.

Cdeprl mprMEHEHNS UCKYCCTBEHHOTO MHTEIIJICKTA.

OCHOBHBIE 331a41 CUCTEM HCKYCCTBEHHOTO MHTEJUIEKTA.

AJTOPUTMBI HCKYCCTBEHHOTO MHTEIUIEKTA.

MeTtob! Ki1accuuKaluy U KilacTepu3aluu: cneuuduka 1 0COOEHHOCTH.

ook owdE

Hcnonb30BaHre perpeccuy B MallIMHHOM OOYYEHUHU.

/. Tunel MmammHHOTO OOYYEHUS: C yuuTeaeM, 0e3 yuyuTess, ¢ YaCTUYHBIM
MIPUBJICUCHUEM YUUTEINS, 00yUeHNE C TIOIKPETLICHUEM.

8. Kiaccudukanus ¢ ucmnonap3oBaHueM airoputMa k-Ommkaimmx cocenei
(KNN).

9. MeTtpuku OIeHKH Kiaccu(pUKaIuu: mojaHoTa, Tounocts, F1, ROC, AUC.

10. BaymmmanyionHast ¥ TeCTOBasi BHIOOPKH B MalIMHHOM 00yudeHuu. Kpocc-
BaJTUIAITHS.

11. PaGora ¢ kateropuaaibHbIMHU PU3HAKAMH.

12. BaitecoBckmii kinaccudukatop. Onenka npusHakoB (Gaussian, Bernoulli,
Multinomial). EM anroputwm.

13. Kimacrepuzarus. kMeans, kMeans++, MeanShift, DBSCAN.

14. Aucamb6su. Soft and Hard Voting. Bagging. Ciydaiinslii jiec.
15. Metpuuecknii knaccudukaropsl. KNN. WKNN.
16. JIuneiinas perpeccus. LASSO, LARS. CART.



17. llepeBbst  pemenuii.  MHpopmarmoHHbsiii  BbIMTphIL.  Omudka
KJaccudukanuu, SHTponus, kpurepuit Jpxunau. [IpyHuHr.

18. I'noGanpubiii mouck. Coywailubeii nouck. Grid search. CrydaitHoe
onyxnanue. bailecoBckasi onTUMM3ALIASL.

19. Jluneiinast perpeccusi. [lommHOMmManwHas perpeccusi. [ 'peOHeBas
perpeccus.

20. Perpeccust. Metpuku ouenku perpeccun: MSE, MAE, R2 -
KO3 PUITMEHT TeTepMUHAIINN.

21. TlepeoOyuenue u peryispusaius, rpednesas perpeccus, LASSO, Elastic
Net.

22. TlepuenTpoH, TOTUCTHYECKASI PETPECCHSL.
23. TlonHOCBS3HBIE HEHPOHHBIE CETH.

24. CToXacTHUECKU TpaJMeHTHBIA CIYCK U OOpaTHOE paclpOCTpaHEHHE
rpajueHTa.

25. Perynsipuzaiusi TMHEWHBIX MOJIENIEH Ki1acCU(UKAIINH.
26. AdaBoost. I'pagrieHTHBIN OYCTHHT PEIIAIONINX JICPEBHEB.
27. Knactepuzanusa. Agglomerative Clustering. MeTpuku KiiacTepu3aiiyi.

28. Onenka kinaccudukaruu. DddexktuBHOCTh M0 [lapero. Precision-Recall
u ROC kpusbie. AUC.

29. Heiiponnsie CETH. [lepuentpon PozenOnarra. Oo6partHoe
pacrpocTpaHeHue rpaaueHTa. OyHKIMY akTUBauu. Softmax.

30. Jlokaneabiid momck. Hill Climb wu ero pasnoBuaHoctu. OTXWUT.
['eHeTHYECKUI aJITOPUTM.

31. MeTtox onmopHBIX BEKTOPOB. Smpa.



	Системы искусственного интеллекта
	Sistemy_iskusstvennogo_intellekta(8)



